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Improvement of Convergence Characteristics of KPNLMS Algorithm by Using Multi Kernel Learning

AN (e
Yuji MARU!

(LY
Kiyhoshi NISHIKAWA!

Felix Albu2

HHEKRFPHIKFPE S AT LT A ARG REE > A7 L50K
1Department of Information and Communications Systems Engineering, Tokyo Metropolitan University

2Valahia University of Targoviste
1. £z2h%

WIS 7 4 V2L & BV AT L OFEZITH
FiEE LT, D—FRNVBEIET A VI PRESNTND. AFT
FEED T — VBB E O DERIETH D, v VTFH—F
W7 4 V¥ DFE %)%, Kernel Proportionate Normalized
Least Mean Square(KPNLMS) 7/ =Y X A~JEA L, IR
Fritb a4 5 FIEERET 2.

2. PEkiL

KNLMS 7 /b= U X 51Z%F L C Proportionate Factor % i f
T2 LT, IRFHEZ %ET 5 KPNLMS 7 /0= ) X L7053
ZEN TV, KPNLMS 7L =Y X AL FORTHEE %

N

ai

9.
h(n) = [kx(n), y1) - k(x(®), y;n)]"
e(n) =d(n) — hT(ma(n —1)

1-8 |h@a-DIA+A)
pn—1) = 2m +“221r';—01|hi(n—1)|+5

P(n — 1) = diag{po(n — 1),-+, pm—_1(n — 1)}

P(n — 1)h(n) - e(n)
s + hT(m)P(n — 1)h(n)

a(n) =a(n—1) +

22T xIF AT bv,d IEFTEE 5, e(n) iR EE
BRI AT v T A RNT AL § IR E T A —
4, h(n)iE KPNLMS DO A7 bb, a(m)id 7 1 V& 475~
7 R, yiEhLb—= 77 b, m i3y OER, k() 13
— RNV AR

RRIE

ARETIE, RITRESNTZ~ VT I —3 V& AT ks %
KPNLMS (Z3# ] L 7= Multi-Kernel PNLMS (MKPNLMS)
TNTY ALERET D, BFEOFHFREZRITRT.

REEOFEH A
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e(n) = d(n) — trace(A(n)TH(n))
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