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* A comparison of joint modelings for End-to-End Japanese Dialect Speech Recognition and Dialect Iden-
tification, by Ryo Imaizumi (Tokyo Metropolitan University), Ryo Masumura (NTT), Sayaka Shiota,

Hitoshi Kiya (Tokyo Metropolitan University)
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NHETHUIT A TES. Fig. 3R TM@D
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% Dialect identification D %7 X — & 0,4 % FAWTRK
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AEBRCTHEHT 27— X X—2 LTEAED HAGE
HEGR T —ZN—2R [3] L FEHEFR S 7 — X R — 2
D2OEHWE. HET—RRN—RIZ, B, L6, &
&, R, IR, (B0 6 G0 Er oK IR T
B, EHEES — 2 R—221F, HAEF L SHEa—
SR (CS)) AW, B7TF & CSJ OFEFERIT (3]
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S OBLZHIIRED BV, B EFHEE X iPhoneb
F721% XperiaZl ZFHWTIEREINTE D, HEXE
ALV L THREDLDE TV, HES
FTF—RZN—2DTFXFAIBIXOHE 7 NVEATF
THEINTVSE. BT —ZRXR=Z2DH 7)) VI
BE0Z 16kHz, B 7L v M& 16bit 2> TW3.

4.2 EHEREMH

RT3 DID BXUXMD-ASR DFEEET Y 7D
M7 &% /R, Speech encoder D LY 2 — &K —
Ty 78X I = 8, Text decoder DT I —X—7
oy 78l J =6 ¥ L7 Transformer 71 v 27 O
A DOWTIE, G RB % 256 KT, ME L D
feed forward v bV —27 OWERH 1% 2,048 XJT,
Multi-head attention DNy F{% 4 & L 7. Speech
encoder TIIANICEERHE L LT40 XtoRw >
RNVRIT =)V T 4 VR =NV ZIZTFNARE X%
BEEBMUTHEALE 7L—AEZ 25 ms, 7L —
LT ME10ms & Lz E-EERHEIL, R+
A RD2D2DODEAAAEE Y VATV ITE
il L7720, NG > T 1/4 Xy v
Y > 273 %. DID+ASR T, 6 DDA 5 & EHEES
5 7 RITD one-hot XZ F LT F L% W TG
L, BB cross entropy loss Z AWz, ZD
RE, 38 - AN 2 0 2ZDEATH 3 o, v 1ZFN
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HEEHDAL L, ©— L% 4 X208 20 ITRRE X
NIz —2BR7 NIV R LZEH L. hy b7 —
7 DEELIZIEZEEZ 0.0001, 51 = 0.9, B2 = 0.999,
e =107 @ radam 774 v A F—FHWZ 3
=Ny FH 4 % 16, Transformer 7Ry Z7 D K v
T7 7 NRF01ERE L. £, T—RILEE L
T SpecAugment, EEE 2 72T T RV L —
Dy 7AW REEITTEEA D FRICIT S 728
FHEFEARUI RN & 2 3CFEAD R (CER) & /750
IEf#R (ACC) @ 2 0% V.
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Table 1 FERES X CREEFMCE 377 S

D ACC(%)
ACC
PR =l 71.2
RE sz | sas
DID2ASR | 83.1
fHEEFL | ASR2DID | 86.5
DID+ASR | 81.8

)I‘muﬁao) CER(%)

FANF—&
— eor | B+
e FEUEGE s
ERTE 8.0 14.9 11.1

DID2ASR 8.4 14.2 11.0
e | DID2ASR
e

(oracle)
ASR2DID 7.0 14.5 10.4
DID+ASR 7.2 13.4 10.0

7.3 14.2 10.4

Efig7 7 4 VL
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Table 112, {EREB X USBEEETNVICBIZHE
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2FHEE, TXRAVeTAFHED2EEDD, 207
NLACC 28 71.2%, 53.3% &+ MiExBE5 Z ik
T&Rhholz. T, 218 TRLIE& 512, HARE
HEIIEFENCH SEMCHEROEREZF > T3
7285 H5h—H O E AW TIER VAR
PELNEP o/l rEZONS. —7, 3
DREEET Y Y ZIIEREL R L TETOET L
WBWTHREOHED R Sz, KRz, ASR2DID d
ACCIZ 86.5% L HEEETFTNOHFTHRD BWHREE R
L7:. ASR2DID I35 E 5 LD FHNZHBWT, MD-
ASRICX 27 %X b DT RIFER%E DID 2B hTEH
T&ERIeh#Hiio—orEZ 5135, DID2ASR
D ACCIZ83.1% ¥ ASR2DID X b #HT{EVMHE L 725
72. DID2ASR 3 X If DID+ASR T4, 3 L K 1ZF
RRICH S 7L EHEE T % 72, ASR2DID (2R T
MD-ASR O FHI#ER% DID I+ ICiEHT 2 28
BFETETVWRWIENERZEEZ o 5. DI Lo
RID, DID ITBVWTIRETA2HEET VDR T
X ASR2DID Z W2 Z e b EHTH D Z 2 H
MR T =7

Table 2 2, WK EBISHEEETNIIBITAZH
E%ﬁ;&éﬂa@ CER 2R3, FETFT—XIHE v B

ERBYEREET X, TAN T —RIEAEDA,

HEEED A, 178 MR R IR B /-IRE T — X W T
W3, DID2ASR & IERIEZ LT 2, AEDAD
T A+ —2R T, DID2ASR @ CER 1 84%TH D,
PERED CER, 8.0% & b d@Eoiz. —F, BHHEED

ACC = X 100(%)  (16)

ADT A k& —Z T, DID2ASR @ CER 1% 14.2%
kb, kLD CER & h KT L. DID2ASR
DI ET ANy —ATOWRENIE( L 72X, DID
TOMBANOHENRD 2 v EZ N5 . HEEDE/LD
ﬁl%mﬁ?étmqumﬁR®ﬁ§5Nw%%
A, oi D ACC 25 100% DR D5 D CER % 07
7. Z DFEHRH DID2ASR (oracle) TH Y, 75 7‘X
k /f—mw CER D 7.3% o7, LI EDFERID
DID2ASR & MD-ASR OM#EDS DID DS ICHAF
T2IEDHERTE. RS, FEDADT A L7 —
ZI2B1F % ASR2DID T, CER 13 7.0% £ TikzE L
7z. ASR2DID TSI Sz TV, @ik 15 5
NTFRAMEREZBELTHE 7NV E#MAT 5.
ZDOHETNNVDID OEEN DL, BBOT
F 2 MR LUTHE T NUDBFIEZE DT 727D 1ERE
NREL-EEZONS. —F, EUEEDT X 7 —
A TIX CER 2 14.5% ¥ DID2ASR @ CER &Y 5
{72-TW3. ZiUd ASR2DID 377 212 EHEN e
LCL ¥ o7 2 & CIEHEFE DRI D E R G HH 1Y
ATl EZ NS, HfRiZ DID+ASR D54, /i
EDADTANr—2ATIE 2 HEHOMRE, EHEEED A
DT A N7 — A TEREDEREE/R LTz, DID+ASR
TiX ASR2DID & B D, /i 5RRHEED 7 ~OVEH
PRSI TRENT WS 720 S ICBRENCKIGT
2kl HE - KEHEE DM T I U CIERED R E
LizrEZ2605. UEORRELD, MD-ASR 128
L\f?%ﬁﬁﬂfg’ﬁé\:&?mi DID+ASRTH 2 Z ¥
DL‘\VC %7}\_

5 X

AT, HAEE DID & E2E & MD-ASR D]l
FEERLIESETV ¥ 7% MG U7, SRS
%cl: D 3ODMEEET IR - FRIEDOETOSRM

BOTHERERE ERZ 3D TH-7-. DID IZBW
’C, ASR2DID 23 d BWERER /R L, MD-ASR 123
WX DID+ASR 25 d BWVWHREZ R L7z, ZDFG
RED, ASR2DID &, BFEMNGERL A S EEM LT

TV r—a DRI 2T A2 LTHRHAT 2O
WEMTH D, DIDFASR IIEHEED SO Z S H A
uuu&%?%[{%ﬁkﬁxﬂfﬁ B EDIREI NI, fﬁ@g%
Y LT, CTC/Attention hybrid system 7 &', oD
32w R =IOV THERLZNZNOMEET
N fABEDELERBITI TETDH 5,
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